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Probabilistic view of LRM decision making 2. Predicting future behavior distributions

Resampling after each sentence uncovers uncertainty dynamics. We introduce the task of predicting future behavior distributions:
+ Exact probability is only roughly recoverable
by Linear or MLP probes.
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4. Future Probe Controlled Generation 5. Steering with less quality degradation
Comparison with activation steering.

def future_probe_controlled_generation(
model, prompt, future_probe,

layer, num_candidates, direction
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v;:ﬁ:":::finished(response): Sample mUItlpIe Candldates
candidates = generate_sentence_candidates(
model, prompt + response, num_candidates, for each sentence
)

for candidate_sentence in candidates:

°
8
S

806 772

Avg. Behavior Probability
\

" ,47 7 (R

v
518 45 3 05 0 05 1 15 15 1 05 6 05 1 18

- : : P35 3 45 0 05 1 18 95 1 05 6 05 1 15 15 1 o T s 1
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prompt + response + candidate_sentence,

layer,

landidate sentence.score = future_probe(acts) SeIeCt the beSt one Wlth FPCG aChIeves Comparable Steenng Strength
if direction == "positive": R a probe that predicts future with less output quality degradation.

best_sentence = argmax(candidates.scores)

else: behavior probability.
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