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Operationalizing Mechlinterp: training simple models on activations can

better calibrate LLMs at inference-time with as little as 25 labeled examples!

EURO: Metric for Calibration & Decision-Making ACUTE Improves Spread of Confidence Estimates
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We renormalize relative utility via the Oracle (and Anti-oracle) ¢ The best ACUTE systems are sample efficient, needing just
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ACUTE: Supercharge LLM Confidence Estimation =~ Posthoc Calibration Further Boosts ACUTE
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